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A B S T R A C T

The brand concept maps (BCM) approach is a valuable tool for measuring brand images, that is, an important
part of customer-based brand equity. The approach is used to identify brand association networks, which contain
information on how the brand and its associations are interconnected in consumers' minds. An essential con-
tribution of the approach is that it provides a set of rules for how to aggregate individual brand association
network data into a consensus map. Although BCM's aggregation rules are relatively straightforward and easy to
use, the aggregation mechanism still has methodological and practical drawbacks. In this paper, we develop a
new aggregation mechanism for individual brand association network data based on a critical assessment of the
original aggregation rules. The results of three empirical studies show that the new aggregation mechanism
improves the functionality and the aggregation capability, the split-half reliability, and the stability of the ag-
gregation results.

1. Introduction

Building, measuring, and managing brands and brand equity are
important targets in marketing and brand management. Following
Keller's (1993) seminal consumer-oriented perspective on brands and
brand equity, an important element of the latter is brand image, which
is defined as “perceptions about a brand as reflected by the brand as-
sociations held in consumer memory” (Keller, 1993, p. 3). These brand-
related perceptions are stored in the consumer's mind in the form of a
network that shows how brand associations are interconnected with the
brand and with each other (Anderson & Bower, 1973).

Various studies confirm that the number of (positive) brand asso-
ciations positively affects behavior. For example, consumers who have
more positive brand associations have an increased probability of
purchasing the respective brand's products (see, e.g., Bian &Moutinho,
2011; Cobb-Walgren, Ruble, & Donthu, 1995); are more likely to re-
commend the brand to others and buy brand extensions (see, e.g., Belén
del Río, Vazquez, & Iglesias, 2001); and are more loyal to the brand
(see, e.g., Romaniuk & Nenycz-Thiel, 2013). Brand associations, there-
fore, provide diagnostic information on areas of improvement for the
brand to managers, thereby enabling them to reshape a brand's image
and increase brand equity.

A variety of different techniques has been proposed in the literature
for measuring brand images and their underlying brand association
networks (for an overview, see Gensler, Völckner, Egger,
Fischbach, & Schoder, 2016). In 2006, John, Loken, Kim, and Monga
introduced the brand concept maps (BCM) approach as a standardized
procedure to elicit, map, and aggregate consumers' brand association
networks, which does not require extensive interviews or specialized
statistical expertise. Since the approach was introduced, it has been
applied in diverse research areas, such as sport sponsorship (Schnittka,
Sattler, & Farsky, 2013), city branding (Zenker & Beckmann, 2013),
political brand equity (French & Smith, 2010), and independent and
interdependent self-view (Ng &Houston, 2006). Moreover, researchers
suggested an extension of the original approach by evaluating the
overall favorability of brand association networks (Schnittka,
Sattler, & Zenker, 2012). The BCM approach has also been validated
when used in computerized surveys (Meißner, Kottemann,
Scholz, & Decker, 2015), indicating that the approach can also be used
in online marketing research studies.

One of the key contributions of BCM is that a set of rules is provided
to aggregate the individual brand association network data, which are
represented as concept maps, into an aggregate brand association net-
work, that is, the consensus map. John, Loken, Kim, and Monga (2006)
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present a five-step process to develop a consensus map based on fre-
quency counts of associations and links. As the authors themselves
point out, the aggregation stage poses additional challenges, particu-
larly regarding potential aggregation biases that might negatively affect
the reliability and validity of the results. We take the original BCM
aggregation rules as a starting point and evaluate the characteristics of
the corresponding aggregation mechanism. According to our in-
vestigations, the aggregation mechanism has both methodological and
practical drawbacks. We develop a new set of aggregation rules with
the aim to overcome these drawbacks and, in particular, to reduce the
subjectivity and enhance the stability of the aggregation results. In line
with the original BCM aggregation rules, the new set of aggregation
rules is targeted at determining an aggregate brand image that re-
presents the brand perceptions of the whole sample and, consequently,
does not consider the degree to which brand perceptions are hetero-
geneous.

The remainder of the paper is structured as follows: In Section 2, we
briefly outline the BCM approach while focusing on the discussion of
the original BCM aggregation mechanism and its methodological and
practical drawbacks. In Section 3, we propose a new aggregation me-
chanism. The results of three empirical studies designed to identify the
association networks of the brands H &M, Milka, and Burger King are
presented in Section 4. The original BCM aggregation mechanism is
compared with the new aggregation mechanism in terms of the func-
tionality, the aggregation capability, the split-half reliability, and the
stability of the aggregation results. In the final section, we summarize
the results of the three empirical studies and discuss both limitations
and promising areas for future research.

2. Aggregating association network data with BCM

2.1. The original BCM approach

The original BCM approach consists of the following three stages:
elicitation, mapping, and aggregation. In the elicitation stage, re-
searchers identify a set of relevant brand associations. For this purpose,
they may either use knowledge from prior consumer research studies,
free-association tasks (see, e.g., Keller, 1993), or online consumer-
generated product reviews (see, e.g., Gensler et al., 2016). In the sub-
sequent mapping stage, respondents build their own brand association
network in the form of a concept map. Each of the previously identified
brand associations is presented on a separate sheet of paper (card). The
respondents select cards/associations and put them on a large poster
board. The respondents then draw lines between cards/associations to
convey mental connections between these associations and the brand.
The strength of the connections can be expressed using different types
of lines (i.e., single, double, or triple). The respondents may also add

their own associations by writing them on separate blank cards and
connecting them to the concept map. Fig. 1 depicts a concept map for
the brand McDonald's as a fictitious example.

In the final aggregation stage, the individual concept maps are ag-
gregated based on a predefined set of rules to obtain the consensus map.
The consensus map is generated to show the sample's most salient brand
associations and their interconnections. In the subsequent two sections,
we present the original BCM aggregation rules in detail and critically
discuss them.

2.2. The original BCM aggregation rules

The original BCM aggregation rules (John et al., 2006) are based on
a five-step process and rely on seven measures1 calculated from the
individual concept maps.

In the first step, associations with a frequency of mention of at least
50%, that is, associations that appear in at least 50% of all individual
concept maps, are identified as core associations and placed in the
consensus map (without any connection yet). If an association has a
borderline frequency of mention (i.e., 45–49%), but a relatively high
interconnectivity, the association also becomes a core association. The
interconnectivity of an association is determined using the number of
interconnections, that is, the number of times the association is con-
nected to other associations in the individual concept maps. If the
number of interconnections is equal to or greater than the minimal
number of interconnections of the identified core associations, then the
borderline association is also a core association.

In the second step, core associations with a ratio of first-order men-
tions of at least 50%, and with more superordinate connections than
subordinate connections, are directly connected to the brand in the
consensus map. The ratio of first-order mentions quantifies the degree
to which core associations are directly connected to the brand in the
individual concept maps in which the associations appear. The second
part of the rule says that the number of times the core association is
placed above other associations (superordinate) has to be greater than
the number of times it is placed below other associations (subordinate).
An association directly connected to the brand in the consensus map is
called a first-order association.

In the third and fourth step, the links between core associations and
the links between core associations and non-core associations (plus the
affiliated non-core associations themselves) are inserted into the con-
sensus map. The frequencies for association links, that is, the frequencies
with which two associations are connected by respondents, are plotted
to identify how many links are present in increasing numbers of

Fig. 1. Fictitious example of a concept map for the brand
McDonald's.

1 In the following, the names of these measures are written in italics.
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