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a b s t r a c t

Using inflation forecast data for 11 IT adoption countries, IT adoption is found to

promote convergence in forecast errors, suggesting that it enhances transparency. This

result, which is subjected to several robustness checks and found to be robust, supports

Morris and Shin’s (2002) contention that better public information is most beneficial for

forecasters with bad private information. However, it does not support their hypothesis

that better public information could make private forecasts less accurate.

& 2010 International Monetary Fund. Published by Elsevier B.V. All rights reserved.

1. Introduction

The consensus view among both policymakers and academics is that the introduction of inflation targeting (IT)
increases the transparency of monetary policymaking (Bernanke et al., 1999; Faust and Henderson, 2004; King, 1997;
Mishkin and Schmidt-Hebbel, 2007; Svensson, 1999).1 Following Geraats (2002), transparency is defined as ‘‘the removal
of information asymmetries.’’ This study offers a direct test of the transparency benefits of IT by assessing whether the
introduction of IT helps the private sector to better forecast inflation. The underlying assumption is that one potential way
in which IT enhances transparency is by reducing the informational asymmetry between the central bank and the private
sector with respect to the former’s private information about future inflation.

To assess this potential channel, this study employs the Consensus Economics dataset, focusing on medium-term
inflation forecasts by individual forecasters. The use of individual forecasters (rather than averages per country) allows one
to test whether the effect of IT differs across forecasters with different characteristics. This is useful, since the simple signal
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extraction model outlined in Section 2 predicts that IT’s impact on forecast accuracy will be conditional on how accurate
the forecasts are in the first place.

A critical issue in assessing the effect of IT is that IT adoption is likely to be non-random. To control for this potential
source of bias, forecasters in IT adoption countries are matched with a control group of forecasters in non-IT adoption
countries using propensity score matching. A number of papers in the literature on IT have started to adopt these
techniques for dealing with non-random adoption of IT (Lin and Ye, 2007; Vega and Winkelried, 2005). However, this paper
is the first to apply these techniques to the question of IT’s transparency benefits. It is also the first to use forecaster-level
data and therefore uses forecaster characteristics to undertake the match. A second econometric problem (endogeneity
resulting from the inclusion of the initial forecast error) is dealt with using IV estimation. The effect of IT adoption is then
estimated by comparing the behavior of forecasters’ errors in the 12 months leading up to and following the adoption of IT
in each country. The sample includes 139 forecasters across 11 IT-adoption episodes and a matched control group drawn
from non-IT adoption countries.

The results strongly support the view that IT adoption leads to better private sector forecasts, conditional on forecasters’
initial forecast errors: the effect is strongest for those whose initial forecast accuracy is worst, in line with the model. This
finding is subjected to several robustness checks, and found to be robust. However, while IT adoption improves forecast
accuracy most for the worst forecasters, there is no evidence that the best forecasters are harmed. Hence, the results are
not supportive of Morris and Shin’s (2002) concerns over transparency’s potential downsides.

The rest of the paper is organized as follows. Section 2 outlines a simple signal extraction model with public and private
information to motivate the discussion and provide some predictions. Section 3 describes the data used. Section 4 outlines
the methodology, while Section 5 gives the results and Section 6 concludes.

2. Theoretical framework

This section outlines a simple signal extraction model to motivate the empirical analysis. Agents (‘‘forecasters’’) seek to
minimize the squared error of their inflation forecast fi, given the actual inflation rate p:

uiðfi;pÞ ��ðfi�pÞ2: ð1Þ

The private sector agents observe the central bank’s public signal (a combination of its public forecasts, statements and
analysis), pC , and also observe their own private signal pi. Each signal is noisy:

pC ¼ pþZ;

pi ¼ pþe; ð2Þ

with the variance of the iid error terms denoted s2
Z and s2

e , respectively; the precision of the two signals is denoted as

a¼ 1

s2
Z
;

b¼
1

s2
e
: ð3Þ

Agents therefore optimally weight the signals according to their relative precision:

f �i ¼
apCþbpi

aþb
: ð4Þ

Then the expected mean square forecast error is given by

~V � E½ðfi�pÞ2� ¼
1

ðaþbÞ
: ð5Þ

Taking this relation to the data requires some identifying assumptions: (a) that the precision of the private signals is
constant, for each forecaster i, over the two year time period covered in the empirical section ðbi

t ¼ bi
Þ; and (b) that the

precision of the public signal depends, over the same two year period, only on some country-specific factor and whether
the central bank of country j has adopted inflation targeting ðaj

t ¼ ajðITÞ; IT ¼ f0;1gÞ. Hence the statement that IT improves
transparency is equivalent to the condition that ajð1Þ4ajð0Þ. The forecast error for a typical forecaster in a non-IT (IT ¼ 0)
country is then given by

ð ~V
ij
jIT ¼ 0Þ � ~V

ij

0 ¼
1

ðajð0Þþbi
Þ
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0
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ij

0o0: ð6Þ

The introduction of IT, if it does indeed enhance transparency, should therefore reduce the average forecast error for all

forecasters, but particularly for those whose forecast errors ( ~V
ij

0) are initially large. This interaction effect is itself non-

linear. However, it is likely to be difficult to accurately estimate third derivatives with the limited data sample available.

Hence, a linearized interaction effect (around ~V
ij

0) gives the approximate effect of IT on forecast errors (conditional on ~V
ij

0)
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