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Theoretical studies suggest that increased transparency reduces a firm's cost of capital (Diamond &
Verrecchia, 1991). Thus, more transparency should improve financial performance. We examine the relation
between firm transparency and bank holding company (BHC) profit efficiency using the number of analysts
following a BHC and the standard deviation of analysts' EPS forecasts tomeasure transparency. Our hypothesis is
that more transparent BHCs are better managed, causing a positive relation between transparency and profit
efficiency. The empirical results confirm that transparency has a positive effect on profit efficiency.

© 2013 Elsevier Inc. All rights reserved.

1. Introduction

Financial researchers have long been interested in the factors that
explain differences in the financial performance of commercial banks.
In this paper we test for the effect of transparency on bank holding
company (BHC) performance using analyst following and the standard
deviation of analyst earnings per share (EPS) forecasts to measure
transparency. The greater the number of analysts, the more information
is available for investors and, therefore, the more transparent the BHC.
In addition, with greater transparency, there should be less dispersion
in analysts' forecasts of EPS. Thus larger forecast dispersion is associated
with less transparent BHCs. We hypothesize that more transparent
BHCs (those with greater analyst following and lower forecast devia-
tion) are more profit efficient than other BHCs. Our empirical results
are consistent with the hypothesis.

Why does transparency matter? Diamond and Verrecchia (1991)
construct a theoretical model which shows that reducing asymmetric
information by revealing information to the public reduces a firm's cost
of capital. Large investors are more likely to purchase the transparent
firm's securities and these securities thus have increased liquidity.

Baumann and Nier (2004) and Neir and Baumann (2006) apply this no-
tion to the banking industry by constructing a bank disclosure index.
They find that some publicly traded BHCs disclose much more
information to investors than others and are thus more transparent.
Neir and Baumann (2006) also find that more disclosure results in
higher capital buffers. Hirtle (2007) extends this research and finds
that more disclosure is associated with lower risk and higher risk-
adjusted returns at BHCs.

The importance of transparency as an explanation for increased effi-
ciency is also reflected in the results of two recent studies. Akhigbe and
Stevenson (2010) find that increased efficiency is related to less use of
multiple types of non-interest income. Reduced complexity creates a
more transparent organization. Pasiouras, Sailesh, and Zopounidis
(2009) find that restrictions on bank activities and increased use of
market discipline increase profit efficiency. Fewer activities (assuming
each are understood by investors) andmoremarket information reflect
increased transparency.

Our paper more directly addresses the effect transparency has on
BHC profit efficiency, but to address this question we need proxies
for transparency. Analyst following and the dispersion of analyst
forecasts are widely used measures to show the level of information
investors have regarding a firm. For instance, Jiang and Kim (2005)
show that analyst following and institutional ownership are signifi-
cantly negatively correlated with adverse selection costs and spreads
(i.e. greater analyst following is associated with more transparency).
Jiang and Kim conclude that non-US stocks face higher spreads
and adverse selection costs related to lower analyst following and
lower institutional shareholdings. In a related finding, Brennan and
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Subramanyam (1995) show that an increase in analyst following is
associated with lower adverse selection components in the spread
which reduces the importance of privately informed traders. Baker,
Nofsinger, and Weaver (2002) use the number of analysts as a proxy
for firm visibility based on work by Marcus and Wallace (1991) that
shows analysts are an important information source for investors and
Walther (1997) who shows that investors put more weight on analyst
estimates as the number of analysts for the firm increases.

In relation to the dispersion of analyst forecasts, Flannery, Kwan,
and Nimalendran (2004) show that BHC opacity is closely related to
the dispersion of analyst expectations and analyst forecast deviations.
Roulstone (2003) alsofinds that increased public information is related
to lower dispersion of analysts' forecasts as well as a higher number of
analysts, both of which increase liquidity.

Our empirical results show that transparency is an important
determinant of profit efficiency. The measures of transparency we use
are robust even after controlling for other factors that were found in
previous studies to affect profit efficiency. These results hold across
different samples including a sample of all publicly traded BHCs, a
smaller sample of BHCs with reported forecast dispersion and for
BHCs disaggregated by size.

This introduction is followed by Section 2 which describes the
methodology and variables used in the empirical analysis. Section 3
describes the data, and Section 4 discusses the empirical results.
Section 5 concludes.

2. Methodology, variable selection and expected relations

2.1. Frontier analysis

Profit efficiency is a sophisticated econometric financial perfor-
mancemeasure found by comparing each BHC's efficiency in generating
profits with the best achievable performance of all institutions in the
sample, i.e., the BHCs on the best practice frontier. Following Akhigbe
andMcNulty (2003) and DeYoung and Hasan (1998), we use stochastic
frontier analysis (SFA) on all BHCs to determine the efficient frontier.

We begin by obtaining data on all BHCs from the Federal Reserve
Bank of Chicago's BHC database for 1996–2006, a total of eleven
years of data. The data include balance sheet and income statement
data that each BHC must report on form FRY-9C, which is similar to
the call report for individual banks. We then identify publicly traded
bank holding companies by hand-matching the BHCs in this dataset
to information from Research Insight. To gather the data on the number
of analysts and the standardized deviation of analyst forecasts we use
the IBES database from Thomson Reuters.

We have a dataset of 3603 publicly traded BHCs. For this sample we
create one frontier per year because this procedure provides a flexible
estimation procedure allowing the regression coefficients to vary over
time.3 Within this larger sample is a smaller sample of 1562 BHCs for
whom the standard deviation of analyst EPS forecasts is reported. We
perform a separate SFA analysis for this group. Due to the size of this
smaller subset, we must create a frontier using every two years of
data except in the instancewherewe combine 2000, 2001 and 2002 be-
causewe have an odd number of years in the sample. Prior research has
shown that creating frontiers over smaller intervals of time is a better
procedure. For example, Avkiran (2007) finds that changes in interest
rates distort the measurement of bank efficiency. By creating one fron-
tier per year or one frontier for every two years we limit this effect.

The profit efficiency measure is estimated using PREROA as a mea-
sure of profitability. PREROA is earnings before taxes, extraordinary
items and loan losses as a percent of total assets. While this measure

is similar to return on assets, it focuses on operating performance by
excluding the abovementioned items. We use the frontier equation to
calculate the efficiency measure for the publicly traded BHCs. We then
use this efficiency measure as a dependent variable in the regression
analysis.

For the whole sample of publicly traded BHCs, we also calculate
efficiency by disaggregating the sample by size. As Akhigbe and
McNulty (2003) and DeYoung and Hasan (1998) point out, small
banks differ from large banks in their production technologies and
strategies. To take this into account, we examine three separate size
classes – more than $10 billion in total assets, between $1 billion
and $10 billion and less than $1 billion. This breakdown is very simi-
lar to that used by the FDIC (2011) in their Quarterly Banking Profile.
Since the number of institutions in the large BHC sample does not
allow enough degrees of freedom to perform the analysis for each
year, we create a frontier for three separate time periods. Period 1 is
1996–2000, a time of growth in the US economy. Period 2 is 2001–
2003, a time of relative economic decline. Period 3 is 2004–2006, when
the US economy was growing again. Unfortunately, the sample of BHCs
with data available for forecast deviation is not large enough to disag-
gregate by size to perform the SFA analysis.

There are two typical specifications used for the functional form,
the translog and the Fourier-flexible form. The Fourier-flexible form
enhances the translog by including Fourier trigonometric terms.
McAllister and McManus (1993) and Mitchell and Onvural (1996)
show that the Fourier-flexible form is a better approximation because
of its flexibility; it also provides a global approximation. As in Akhigbe
and McNulty (2003) and DeYoung and Hasan (1998), we use a hybrid
version of the Fourier form with trigonometric versions of the output
variables. The function is as follows:
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where PREROA = earnings before extraordinary items, taxes and loan
losses divided by total assets; w1 = price of non-deposit related
borrowing, w2 = price of deposits, w3 = price of labor, w4 = price of
property, plant and equipment, y1 = loans, y2 = non-interest income,
y3 = off-balance sheet items, z1 = risk (assets 90 days past due and
non-accrual status divided by total assets), z2 = shareholder's equity,
z3 = average for risk in the state where the BHC is headquartered as
measured by non-performing assets relative to total assets, z4 = HHI
and z5 = total assets.4 The X variables in the equation are transforma-
tions of the Y variables so that they fall in the interval (0,2π).

In order to capture the operating environment, we include variables
that reflect the inputs and outputs of the BHC and other BHC-specific

3 Following the suggestion of Bauer et al. (1998), we use stochastic frontier analysis
with all years combined. We also use a distribution-free analysis method to examine
the consistency in the rankings of BHCs. As the results of both methods are comparable,
we present only the SFA results.

4 Off-balance sheet items include unused commitments, financial standby letters of
credit, performance standby letters of credit, commercial letters of credit and securities
lent. It does not include derivatives. The HHI is calculated using the FDIC's summary of
deposits (branch office) data. The HHI is matched with each BHC based on the BHC's
home office state and county.

25A. Akhigbe et al. / International Review of Financial Analysis 29 (2013) 24–30



https://isiarticles.com/article/80594

